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Runoff sensitivity
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Runoff sensitivity:
AQ~a AP + BAT + ¢
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Projected runoff changes
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Observation-based runoff sensitivity
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Model biases in runoff sensitivity
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Applying constraint

AQ~«a AP+p AT +g

model

AQ~a, AP+p AT +¢

Kim et al. (submitted)

Substitute the observed sensitivity
for the model sensitivity
] constrained projection
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Applying constraint
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Effect from constraint
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Robust constraints possible in 41 out of 131 global river basins
In many basins, projections get corrected downwards (less runoff)
Models underestimate temperature sensitivity
Root causes still unclear
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Effect from constraint

(d) SSP245 AQ (before correction) (e) SSP245 AQ (after correction)
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Search for root causes

(a) Inter-model R to P sensitivity (131 basins)
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Search for root causes

(a) Inter-model R to P sensitivity (131 basins)
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Search for root causes

(a) Inter-model R to P sensitivity (131 basins)
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(e) Inter-model corr.: mean SM & T sensitivity
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Next steps
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Systematic shift in ENSO teleconnections

Kuo, Lehner et al. (in press, Nature Geoscience)
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